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ABSTRACT 

Supply Chain Management (S.C.M.) was developed as a system and coordination of strategies of business functions that 

manage supply chains to improve long-term performance. This study aims to analyze the relationship between the 

implementation of supply chain management and the intensity of competitors in the food business, analyze the relationship 

of competitor intensity to company performance, and provide recommendations on the Food and beverage business 

related to increasing competitiveness based on the implementation of supply chain management. The results showed that 

the implementation of supply chain management on competitor intensity has a significant relationship with an influence 

of 44.5%, and the relationship of competitor intensity to company performance is a meaningful relationship with a power 

of 65.2%. From the recommendations, food business people and innovative products are recommended to expand and 

cover the entire market by considering aspects of logistics distribution, digital marketing, and product gallery development. 
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INTRODUCTION 

Food business growth causes intense competition between business people; business growth not 

accompanied by good ability or performance can cause a business to be unable to survive amid tight 

competition (Albahri, 2021). To sustain the company, it is necessary to improve performance and increase 

management, finance, and professionalism capacity (F. Li, 2020). Because the good and bad conditions of a 

company are seen from the performance that the company has achieved (Torresin, 2022). Performance is the 

effectiveness and efficiency of the efforts made by the organization in achieving organizational goals. 

Performance measurement is data analysis and control for businesses (Sang, 2021). 

To survive in a business owned by business actors, they must have a competitive advantage. The 

company is expected to survive and further develop in the global competitive market by having an excellent 

competitive advantage (Javid, 2021). A company can use various strategies to compete superior in international 

competition. Since 1990, it began to be known as a competitive strategy by getting the right products and 

services at the right time and place at the lowest cost (Modaresnezhad, 2021). However, companies now realize 

that this alone is insufficient to improve efficiency; their supply chain system must be even more competitive 

(Luan, 2020). Supply chain management is developed as a system and coordination of strategies from 

traditional business functions, which is a tactic of all businesses in an organization and all companies in the 

supply chain to improve the long-term performance of individual organizations and supply chains (Xi, 

2020)(Katz, 2020). 

The importance of synergizing with suppliers, manufacturers, distributors, retailers, and customers to 

create quality, cheap, and fast products (Wang, 2021). This concept later gave birth to Supply Chain 

Management. Supply chain management, better known as supply chain management, emphasizes networks 

with an integrated pattern starting from product flow from suppliers, manufacturers, and retailers to the end 

consumer (Jobst, 2021). The goal of supply chain management is to coordinate activities in the supply chain to 

maximize the competitive advantage and benefits of the supply chain for the end consumer (Núñez-

Barriopedro, 2021) (Soltanpour, 2020). 

The implementation of S.C.M. has occurred a lot, for example, such as involving suppliers as partners in 

the process of providing raw materials, maintaining good relations with consumers to provide service 



64 

 

satisfaction to consumers, and managing information related to product development both to suppliers and 

consumers, and competitive strategies to meet operational quality standards by providing product quality 

assurance by the market (Useche, 2021). Supply chain management that is not implemented correctly can 

impact product quality and the price of goods produced (Zhai, 2020). 

 The problem of S.C.M. implementation starts from the lack of information about specific suppliers of 

food products. Many business actors are just beginning to pioneer, so information about suitable suppliers 

remains in the livelihood period (Jeffries, 2020). There is no uniformity in prices because they use different 

suppliers, so less competitive prices make businesses lose the market and eventually not sell (Kiraz, 2020). 

Companies have not fully used information technology, and uncertain communication of raw material supply 

can cause price increases because the raw materials obtained will be challenging (Santos, 2023). Poor 

implementation of S.C.M. causes business actors to risk less profit and efficiency in raw material supply 

operations. The distribution of supplies and logistics must be arranged in such a way that is appropriate for 

productivity efficiency. Errors in determining the investment amount in raw material inventories will suppress 

food business profits (Song, 2022).  

Identifying with the structural equation modelling method is needed to prove the sustainability of 

company performance related to the implementation of S.C.M. and tight competition (Jin, 2021). Structural 

Equation Modeling (S.E.M.) is a multivariate analysis method that can be used to describe the simultaneous 

linear relationship between observational variables (indicators) and variables that cannot be measured directly 

(latent variables) (Lyu, 2020). Latent variables are directly unobserved or unmeasurable but must be measured 

through several hands. The implementation of S.C.M., in this case, is estimated as one of the indicators that 

can indirectly affect the company's performance (Tekce, 2020). At the same time, the intensity of competitors 

mediates the influence of both into indicators that do not directly affect these two variables. So that complex 

relationships between variables can be seen with the S.E.M. method (Mai, 2021). 

 

METHODS 

The purposive sampling method is a way of selecting samples according to the wishes and needs of 

researchers to determine samples. The samples in this study are from 10 food companies in the Toronto area 

(Rappaport, 2020)(Michels, 2021).  

 

Data Analysis 

Model Conceptualization 

This research was conducted to identify problems in S.C.M., business organization performance, and 

the intensity of similar business competitors, as well as to identify variables that affect business performance 

(X. Yang, 2022). This variable serves to prepare the Structural Equation Modeling (S.E.M.) model. This variable 

is determined based on the researcher's recommendations from several references that have been obtained 

(Shi, 2020). 

Designing Structural Models 

The flowchart created based on the theoretical model built in the first stage will be depicted in a 

flowchart, making it easier to see the causality relationship you want to test (Romero-Rodriguez, 2020). In a 

flowchart, the relationships between constructs will be expressed through arrows. A straight arrow indicates a 

direct causal relationship between one construct and another (C. H. Li, 2021). 

 

Structural Model Evaluation 

Evaluation of outer models with reflexive indicators is assessed through convergent validity and 

discriminant validity.  (Yin, 2021) explained that convergent validity is the extent to which a specific variable's 

measurement items converge (Kang, 2021). In general, convergent validity is the extent to which certain 

variable measurement items combine (Sánchez, 2021). In the concurrent validity assessment, four criteria must 

be considered: items are declared valid when outer loading > 0.7, and data is said to be reliable or reliable 

when Cronbach's alpha> 0.7; composite reliability> 0.7; average extracted variance (AVE) > 0.5 (D. Yang, 2021).  

Discriminant validity indicates the uniqueness of a construct from other constructs (Danks, 2020). 

Discriminant validity measurements were carried out using the Fornell-Larcker criterion method and cross-

loading (Khan, 2021). A latent variable shares more variance with the underlying indicator than any other latent 
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variable. This can be interpreted as the unique value in question, which is the value of a variable hand or item 

greater than its latent variable compared to other latent variables (Aksoy, 2020). 

Evaluation of structural models or inner models aims to predict relationships between latent variables. 

Changes in R-squared values can be used to explain substantive or most basic effects model estimation. In 

estimating the model, data input is collected from questionnaires given to business people and edited by 

coding the primary data collected (Saborío-Montero, 2020). The model estimation is carried out by testing 

validity and reliability first to ensure the data inputted is valid (Asparouhov, 2021). 

 

Evaluation Of Goodness Of Fit Criteria 

At this stage, model suitability is tested by reviewing various goodness of fit criteria. Here are some 

conformity indices and cut-off values to test whether a model is acceptable or rejected. 

 

Table 1 Review of Various Goodness 

R2 Information Q2  Information 

0.19-0.33 Weak 0.02-0.15  Weak 

0.33-0.67 Keep 0.15-0.35  Keep 

> 0.67 Strong > 0.35  Strong 

 

Results of hypothesis testing 

Hypothesis testing gets output to prove the relationship between exogenous and endogenous 

variables, namely the implementation of S.C.M. and the intensity of competitors on the performance of food 

and beverage, thus providing recommendations to improve competitiveness in their organizational 

management (Cho, 2020; Shahzad, 2020; Zhou, 2020). Significance tests to predict the presence of causality 

relationships are carried out. P.L.S. Hypothesis Testing does not assume normally distributed data; instead, it 

relies on non-parametric bootstrapping procedures to test the significance of its coefficients (Dijk, 2020; Peugh, 

2020; Smid, 2020). 

Based on the data processing done by bootstrapping, the results can be used to answer the hypothesis 

in this study (Barillari, 2021; Gracia, 2020; McNeish, 2020). The results of the hypothesis test in this study can 

be seen through the value of T Statistics and P Values. The research hypothesis can be accepted if it has a T 

statistic > 1.96 and P values < 0.05. Then, it can be interpreted that exogenous variables affect endogenous 

variables and vice versa. 

 

 

RESULTS  

Convergent Validity  

Convergent validity is the degree to which certain variable measurement items are fused. In the 

concurrent validity assessment, four criteria must be considered: items are declared valid when outer loading 

> 0.7, and data is said to be reliable or reliable when Cronbach's alpha > 0.7; composite reliability > 0.7; average 

extracted variance (AVE) > 0.5. The results of concurrent validity analysis can be seen in Table 2. 

 

Table 2 Results of Convergent Validity Analysis 

Variable Items 
Outer 

Loading 

Cronbach's 

Alpha 

Composite 

Reliability 
AVE 

Supply Chain Management 

Implementation 

ISCM1 0.733 

0.880 0.913 0.677 

ISCM2 0.759 

ISCM3 0.868 

ISCM5 0.715 

ISCM6 0.800 

Competitor Intensity 

IP1 0.783 

0.848 0.892 0.624 
IP2 0.820 

IP3 0.758 

IP4 0.855 
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IP5 0.893 

Company Performance 

KP1 0.829 

0.952 0.959 0.724 

KP2 0.885 

KP3 0.897 

KP4 0.911 

KP5 0.873 

KP6 0.769 

KP7 0.707 

KP8 0.894 

KP9 0.874 

 

Table 1 shows that all statement items on the variables Supply Chain Management Implementation, 

company performance, and competitor intensity have outer loading > 0.7. The AVE value of Supply Chain 

Management Implementation is 0.677 or > 0.5, indicating that the measurement variance is categorized into 

latent variables. The value of composite reliability of Supply Chain Management Implementation is 0.913, or > 

0.7, and Cronbach's alpha is 0.880 or > 0.7, where according to the value of composite reliability and Cronbach's 

alpha is good > 0.7 means that the value of each item of behavioral intention is quite reliable and the data is 

relatively consistent. 

The competitor's AVE intensity value of 0.624 is > 0.5, indicating that the variance of the measurement 

is categorized into latent variables. The composite reliability value of competitor intensity is 0.892,> 0.7, and 

Cronbach's alpha is 0.848,> 0.7. The value of composite reliability and Cronbach's alpha is good > 0.7, meaning 

that the value of each competitor intensity item is quite reliable, and the data is relatively consistent. 

The outer loading value of each company performance item is> 0.7, and the AVE value of company 

performance 0.724 is > 0.5. This indicates that the measurement variance is categorized into latent variables. 

The value of composite reliability of company performance is 0.959, which is > 0.7, and Cronbach's alpha is 

0.952, which is > 0.7, where the value of composite reliability and Cronbach's alpha is good > 0.7, meaning 

that the value of each item of company performance is quite reliable and the data is relatively consistent. 

 

Discriminant Validity 

The discriminant validity of the Fornell Larcker Criterion method appears that the value of the 

correlation score of each variable to the latent variable is greater than the correlation of the variable to other 

latent variables, so it can be concluded that the latent variable predicts the value of the variable better than 

the other variables. This shows that this study has fulfilled the rule of thumb of the required Fornell Larcker 

Criterion value. 

 

Table 3 Discriminant Validity with Fornell Larcker Criterion Method 

Variable 

Supply Chain 

Management 

Implementation 

Competitor 

Intensity 

Company 

Performance 

Supply Chain Management 

Implementation 
0.790   

Competitor Intensity 0.667 0.823  

Company Performance 0.589 0.808 0.851 

 

Bootstrapping 

The hypothesis test results in this study used smart P.L.S. software version 3.2.8. The S.M.A. by 

bootstrapping can be seen through the T Statistics and P Values value. The research hypothesis can be accepted 

if it has a statistical T value of > 1.96 and a P value of < 0.05. The results of the Structural Model Assessment 

analysis can be seen in Figure 1. 
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Figure 1 Structural Model Assessment 

 

DISCUSSION 

The relationship between supply chain management implementation and competitor intensity seen by 

(Pavlov, 2021), the structural equation modeling partial least square (SEM-PLS) method can be seen from the 

statistical t value of 17.842 > 1.96 and P values 0.00 < 0.05, which means the relationship of Supply Chain 

Management Implementation to competitor intensity is a significant relationship with an influence of 44.5% 

and is included in the medium category. This is by research conducted by (Banjongrewadee, 2020), which shows 

a significant influence between the application of S.C.M. and the intensity of competitors.  

This study shows that the strength of the relationship between supply chain management 

implementation variables and competitor intensity is in the medium category. The data testing results show 

that the most significant form of S.C.M. application in the implementation of supply chain management is a 

business that generally runs to find out market desires in the future. In contrast, the lowest S.C.M. application 

is a business that tends to share information with business partners for business progress (Pulido-Martos, 

2020). Meanwhile, when viewed from the intensity of competitors, the most significant competitor intensity 

factor is the number of business people who feel intense competition between similar business actors. This can 

be seen from the value of the outer model. This is by (Baloran, 2021), who found that strategic business 

development will be disrupted by the tight number of similar business competitors, so food and beverage 

business people must have a good management strategy. Furthermore, the application of S.C.M. that affects 

the least competitor intensity is business-oriented to customer satisfaction, This is because customers who are 

satisfied with food and beverage products from other companies will not be easily influenced by similar 

businesses offered. 

  The relationship of competitor intensity to the business performance seen by the structural equation 

modeling partial least square (SEM-PLS) method can be seen from the statistical t value of 6.390 > 1.96 and P 

values 0.00 < 0.05, which means that the relationship of competitor intensity to company performance is a 

significant relationship with an influence of 65.2% and is included in the strong category. The higher the power 

of competitors, the better the company's performance. The results of this study align with previous research 

conducted by (Al-Adwan, 2021) with the results of their research, which showed that intensive business 

competition as a whole had a significant effect on company performance.  

Intense competition between similar business actors influenced the intensity of competitors in this 

study. This result can be proven by the low IP5 score associated with the standard S.C.M. dimension in the 

ISCM1 item, namely with the application of S.C.M. that is less customer satisfaction oriented related to the tight 

competition felt by business people. In addition, the performance of companies with low scores on the 
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competitor intensity dimension is on IP3 items, namely, business people think the occurrence of fierce 

competition in getting customers. From this model, it can be seen that the intense competition felt by business 

actors will encourage business actors to improve their business by always finding out what the market wants 

in the future (ISCM3) to improve performance. The results of this study are from previous research conducted 

by  (Salehi, 2020), which showed that competitor intensity could mediate supply chain management on 

company performance in the food business. So, from the analysis, it can be said that what affects the company's 

performance is the implementation of S.C.M. and the intensity of competitors. Company performance is an 

assessment of achieving company targets and goals within a certain period. So good company performance 

will not be achieved if there is no reasonable relationship with suppliers and consumers and maintain 

competitive advantage in a company. 

 

CONCLUSION 

The first hypothesis is accepted, evidenced by having a statistical T value of 17.842 > 1.96 and a P value 

of 0.00 < 0.05, which means that the relationship of Supply Chain Management Implementation to competitor 

intensity is a significant relationship with an influence of 44.5% and is included in the medium category. The 

second hypothesis is accepted, evidenced by having a statistical T value of 6.390 > 1.96 and P values of 0.00 < 

0.05, which means that the relationship of competitor intensity to company performance is a significant 

relationship with an influence of 65.2% and is included in the strong category. 
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